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We report on progress made by our interdisciplinary Data
Mining Lab at Georgia State University on this recently
funded (October 1, 2019) project. We present Dbrief
overview of our project and focus on the first two phases
of our research: (1) Data & Metadata Acquisition, and (2)
Generation of Data Sets for Benchmarking.

Solar flares, along with accompanying solar eruptions,
have the potential to disrupt the technology we rely on,
such as GPS, radars, high-frequency radio 3 - .
communications, communication satellites (cell phones 0 -I 1:95
and Internet), and electricity distribution networks. .o
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' | SWAN-SF Dataset
To conduct our _project we started fiom cleaning and [ AL AL L

integrating data from multiple solar data repositories. Our On the left:
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Dataset: (1) provides benchmarking ML models for flare various ML
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solar photospheric magnetograms of the Space weather " metrics to the
HMI Active Region Patch (SHARP) series; (3) covers g°* —— S === class imbalance.
4,098 MVTS data instances; (4) spans over 8 years (May 5 °©—+ = v At the bottom:
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